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Towards AGI

Foundation Model : Beyond specific purpose Al ?
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A foundation model can centralize the
information from all the data from
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then be adapted to a wide range of
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Foundation Models, arXiv, 2022



Training compute of notable machine learning models by domain, 2012-23
Source: Epoch, 2023 | Chart: 2024 Al Index report
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Number of foundation models by organization, 2023

Source: Bommasani et al., 2023 | Chart: 2024 Al Index report

Number of foundation models by geographic area,

2023

Source: Bommasani et al., 2023 | Chart: 2024 Al Index report
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Figure 1 | Benchmark performance of DeepSeek-R1.
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Google DeepMind@ Alpha Fold3
May 8th 2024

B XX EDVIERKE. DNA. mRNA. VA4 v FoHAEERCRE

& DT Hl

=il DR, FIW D FEM R FE M

=K EBEG T 70 —F 5 5 B

f—«\
= ) R—=T 3 v, €

N

I o F VY DIRFE D

% 2 2 LB AR B

& D A

R -

Y. COBEEIFHICERL TS,

o e AT

lll

JEEItH AER & HEMiibo 7 7' e —

kS

i
w

DR TN T XA

EZSBFEPAR 7L — T OB B Wb
2 LI E— X NVALZ Z D 5 DT




Geminil. SHYEET HHLWEF DO —H

« Google #EfzEE (io.google)

* Googleld, LearnLM % & L 72Google Classroom D $THEEE %
"ﬁ%ﬁﬂﬁc;%f)\b BETOHHEBEREEZEL T 5, ERAI %
EHALT, BEHEHO 7n e 2 ZHHRM L. HhisRES
VT//%L — AN WV D=—XiHGbETAHRE2A X
TELXHICTBHEZHEELETL TS,



https://io.google/2024/explore/a6eb8619-5c2e-4671-84cb-b938c27103be/intl/ja/?utm_source=invite&utm_medium=email&utm_campaign=day_before&utm_content

Al Agent: LLM & ANBIDT 4 7 7 A & HeEk L 72 E5x%

Idea Generation Blind Review by Experts (N=79)
7 NLP Human [ = | ’ |
. . | Condition1: Human Ideas (N=49) . Novelty Score: 4.84
Topics Experts _ ..
Bias
Coding
Safet Condition 2 : Al Ideas (N=49) Novelty Score: 5.64
y
Multilingual
Factuality Al
Math P —
Uncertainty Agent Condition 3: Al Ideas + @man Remn9N=49) Novelty Score: 5.81
v
Novelty Excitement Feasibility Effectiveness Overall
7 7 7 I 7 7
6 —1|L 6 * 6 :|: 6 &
"5 I 5 AL 5 5 5 -
| L
4 4 4 4 4
Hurnan AI Al+Rerank 3 Human . All l Al+Rerank 3 Human ; ﬁl Al+Rerank 3 Human h.l Al+Rerank g Human : AI Al+Rerank

Source : Chenglei Si, Diyi Yang, Tatsunori Hashimoto, Can LLMs Generate Novel Research Ideas? : A Large-Scale Human Study with 100+NLP Researchers, arXive, 6 Sep., 2024



BEElE? ZLTRIEEEIE?

-—imku%f%\%m%hﬂﬁoﬂﬁﬁ®@ﬁﬁﬁ%%% Z 5 DIEHE)
S OIEHR Y F W FNEEOE T CEEOF 3 I L > THS DIRE % —
BMHob b DIHELSELTWS,

 fAtEL Vb2 b DT, .}Efw%ﬁ*ﬁzdbzé%})nﬁﬂz@%li ICHUEZI N, T HICHE
BOEIMEIR > OS5 3 F X RIEREERO T 2 BEFoK CUb)
X o THET B LE>TI, G.Simmel[1890]

. gﬂzﬂ%@moaﬂﬁﬁ&ci\ TARICHER D R 7 o 72 B RZ RO T, I 51T
TIIL?‘ >1<9E9F‘)5] CBABRO AR Z DL D2 B X3 AREFHORETH 5, ZHEE

* The most exciting areas are in these fuzzy connections between
disciplines where knowledge in one field answers questions in another field.
Prof. and Dr. Rita Colwell Ge7 # v »&aRENSFRE. BroAsAsb A%, 2013445 12H)

ABREBIEEM R yb—T—0 ] BEE. 1995
- Georg Simmel, Uber sociale Differenzierung, 1890






Nature Briefing Nov. 6" 2024
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Kazutoshi Sasahara, Wen Chen, Hao Peng, Giovanni Luca Ciampaglia,
Alessandro Flammini, Filippo Menczer, Social influence and unfollowing
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Habermas Machine by Deep Mind (1)
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Habermas Machine by Deep Mind (2)
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Habermas Machine by Deep Mind (3)
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Habermas Machine by Deep Mind (4)
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